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Abstract - Financial Planning and Analysis (FP&A) has evolved from traditional budgeting and reporting to more dynamic
and sophisticated approaches by integrating advanced analytics techniques like Machine Learning and Artificial Intelligence.
This transformation has made FP&A highly efficient, enabling data-driven decision-making and positioning it as a strategic
business partner. Adopting advanced analytics in FP&A offers numerous benefits, including improved decision-making,
efficient processing of large datasets, increased operational efficiencies, and reduced regulatory compliance risk. However,
organizations have been slow to embrace these approaches due to challenges related to infrastructure overhaul, talent
acquisition, and change management. A comprehensive literature review explores the importance, application, benefits, and
challenges of adopting advanced analytics in FP&A. It also includes case studies that exemplify how organizations utilize
advanced analytics techniques to enhance financial management and optimize decision-making processes. Walmart leverages
Al and ML for data-driven decision-making, demand forecasting, pricing optimization, and competitor analysis. This
approach maximizes revenue, profitability, and customer value. American Express implements advanced fraud detection
technologies powered by deep learning models, resulting in improved fraud detection accuracy and real-time transaction
monitoring to safeguard customer interests. AXA Insurance utilizes Al and ML to predict high-loss driving accidents and
introduce personalized pricing, leading to improved financial management. These case studies demonstrate the practical
applications and benefits of adopting advanced analytics techniques in FP&A, empowering organizations to make informed
decisions and achieve financial optimization. Despite the challenges, embracing advanced analytics in FP&A has the potential
to revolutionize Financial Management and improve overall Business Performance.

Keywords - Financial planning & analysis, Artificial Intelligence, Machine Learning, Financial management, Advanced
analytics.

Processing, have been widely implemented in Financial
Planning and P&L Management (Amodei et al., 2016;
Jurafsky & Martin, 2022; Russell & Norvig, 2020).
According to the State of Financial Planning and Analysis
2022 report by the Association for Financial Professionals
(AFP), 62% of respondents reported using advanced

1. Introduction

Accurate Financial Planning and Forecasting are crucial
in today's market environment for efficient and effective
resource allocation (Ross et al., 2020). As a result, most
organizations have dedicated Financial Planning & Analysis
(FP&A) teams within their Finance function. With the advent

of new analysis techniques, the availability of big data, and
increased competition that demands data-driven decision-
making, the expectations of FP&A teams have shifted from
being mere reporters to becoming strategic business partners
(Jurafsky & Martin, 2022). Advanced Analytics has emerged
as a set of techniques tailored to this evolving context. It
involves using data, statistical algorithms, and advanced
analytical techniques to identify the likelihood of future
outcomes based on historical data and other relevant
micro/macro variables. These techniques enable FP&A
teams to make informed and data-driven decisions in a fast-
paced business environment.

Advanced Analytics techniques, such as Artificial
Intelligence, Machine Learning, and Natural Language

analytics in their FP&A function, marking an increase from
56% in 2021. The Power of Analytics in Financial Planning
and Analysis, a study conducted by the Deloitte Center for
Financial Analytics, revealed that companies utilizing
advanced analytics in their FP&A processes are more likely
to achieve their financial goals. Moreover, the Future of
Financial Planning and Analysis report by the McKinsey
Global Institute predicted a significant impact of advanced
analytics on the future of FP&A. According to their
projections, by 2030, around 70% of FP&A tasks will be
automated through the use of advanced analytics techniques.

This multiple-case analysis delved into the benefits and
challenges of implementing advanced analytics to support
financial planning and analysis. Each case study involved a

@' EAITTEThis is an open access article under the CC BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/)


http://www.internationaljournalssrg.org/
http://creativecommons.org/licenses/by-nc-nd/4.0/

Parth A Kulkarni / IJCTT, 71(6), 17-24, 2023

detailed examination of a specific phenomenon within its
real-life context, aiming to provide insights that can be
generalized to similar cases. By working with multiple cases,
it allowed for comparisons, contrasts, and the identification
of patterns across different contexts, thereby enhancing the
generalizability of the conclusions drawn.

2. Literature Review
2.1. Evolution and Role of FP&A

Financial Planning and Analysis (FP&A) has undergone
significant evolution, expanding its organizational scope and
influence (Taddy, 2019). Initially, FP&A primarily focused
on budgeting, financial reporting, and variance analysis.
However, due to changing business dynamics and the
growing importance of data-driven decision-making, the role
of FP&A has expanded to become a strategic partner to
senior management (Gray & Alles, 2015). In its early stages,
FP&A was mainly concerned with producing financial
reports and providing historical financial information to
stakeholders. FP&A heavily relied on spreadsheets for
financial analysis (Ross et al., 2019). Excel spreadsheets
were utilized to organize and manipulate data, perform
calculations, and create basic financial models. While this
approach provided some level of analysis, it had limitations
in terms of scalability and complexity. The role encompassed
budget preparation, financial analysis, and generating
periodic reports for management and external parties (Ross et
al.,, 2019). FP&A has always played a crucial role in the
budgeting and forecasting processes.

This entails collaborating with various departments,
analysing historical data, identifying trends, and developing
financial plans and projections for the future (Ross et al.,
2019). Furthermore, FP&A professionals offer insights and
recommendations to align budgets with strategic goals. They
have become increasingly involved in financial analysis and
performance management activities. This entails analysing
crucial financial metrics, identifying areas for improvement,
conducting variance analysis, and providing insights into the
factors driving financial performance. FP&A teams assist
senior management in comprehending the financial
implications of business decisions and guide them towards
achieving financial objectives. One notable change is the
increased emphasis on forward-looking analysis. Relying
solely on historical financial information is no longer
sufficient for effective decision-making. FP&A professionals
now provide accurate and timely forecasts, conduct scenario
analysis, and utilize predictive analytics (Oesterreich et al.,
2019). This enables organizations to proactively respond to
market changes, identify opportunities, and effectively
manage risks. Integrating big data analytics and advanced
technologies has revolutionized FP&A practices (Ross et al.,
2020). The abundance of data from both internal and external
sources has made it necessary for FP&A professionals to
develop analytical skills. They utilize sophisticated tools and
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techniques to extract actionable insights from data,
facilitating better strategic planning and resource allocation.
Collaboration and cross-functional partnerships have become
vital in the FP&A function. It no longer operates in isolation;
instead, it actively engages with other business units such as
operations, sales, marketing, and HR. This collaborative
approach allows FP&A professionals to understand better the
organization's operations, market dynamics, and customer
behavior. Consequently, it leads to more accurate and
relevant financial analyses. FP&A has embraced a more
collaborative mindset by establishing partnerships with
various departments and stakeholders. FP&A professionals
now work closely with sales, marketing, operations, and
other functional areas to comprehend their financial
requirements, offer guidance and support business initiatives.
This collaborative approach aids in aligning financial
objectives with the overall organizational goals. Moreover,
FP&A now places emphasis on performance management
and value creation. It has evolved beyond solely relying on
financial metrics and incorporates non-financial indicators
such as customer satisfaction, employee engagement, and
environmental sustainability.

This transition aligns FP&A with the wider objectives of
the organization, enabling the measurement of overall
performance and the value that the organization delivers.
Given the significance of financial forecasting, planning, and
analysis (FP&A) in modern corporations, many companies
establish dedicated teams within their finance function to
handle these tasks. While the specific organizational design
of the department may vary among companies, the core
function remains consistent. According to Oesterreich et al.
(2019), the primary objective of FP&A is to inform and
support management and the board of directors in making
decisions. FP&A achieves this by assessing the value-
creating potential of projects within a company's portfolio
worth funding. By conducting financial analysis and
evaluation (Ross et al., 2019), FP&A helps identify projects
that align with the company's strategic objectives and have
the potential to generate favorable returns on investment.
Additionally, as mentioned by Brealey et al. (2020), FP&A
plays a role in balancing financial obligations. This includes
considering the impact of investments in areas such as
research and development (R&D) and expanding production
capacity while fulfilling obligations to debt holders, equity
investors, and tax authorities. FP&A helps ensure that
financial decisions are made to maintain a healthy financial
position for the company (Brealey et al., 2020). Thus, FP&A
serves a critical function within a company by facilitating
decision-making through providing financial insights,
forecasts, and plans that support financial goals and strategic
priorities.

In conclusion, FP&A has transitioned from being a
transactional function to becoming a strategic partner within
organizations. Integrating advanced analytics in FP&A has
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empowered professionals to go beyond basic data analysis
and reporting and utilize more advanced techniques such as
predictive analytics, optimization, and Al-driven insights.
These advancements have greatly improved the accuracy,
agility, and strategic value of FP&A functions, enabling
organizations to make informed, data-driven decisions and
achieve financial success. Presently, FP&A focuses on
forward-looking analysis by leveraging advanced
technologies and data analytics. Collaboration with other
business units, performance management, and value creation
have become integral components of FP&A. Academic and
practitioner research validates the increasing significance of
FP&A, highlighting its crucial role in driving business
growth and facilitating informed decision-making.

2.2. Evolution of Advanced Analytics in FP&A

The evolution of advanced analytics in Financial
Planning and Analysis (FP&A) has brought about
transformative changes, empowering FP&A professionals to
harness data-driven insights and make more precise and
strategic decisions. Previously, FP&A heavily relied on
spreadsheets for financial analysis (Varian, 2018), using
Excel to organize and manipulate data, perform calculations,
and create basic financial models. Although this approach
allowed for some level of analysis, it had limitations in terms
of scalability and complexity. However, with the emergence
of advanced analytics techniques like Artificial Intelligence
(Al) and Machine Learning (ML), FP&A professionals
gained access to powerful tools for analyzing financial data
(Provost & Fawcett, 2013). These techniques have
significantly enhanced forecasting accuracy, decision-
making processes, and operational efficiency.

Advanced Analytics techniques that can be implemented
in Financial Planning and P&L Management include
Artificial Intelligence and Machine Learning. Russell and
Norvig (2020) describe Al as the simulation of human
intelligence in machines, enabling them to perform tasks that
typically require human intelligence in Financial Planning
and P&L management. Al algorithms can analyze historical
financial data and identify patterns, trends, and relationships
to predict future financial performance. Furthermore, Al
models can assess financial risks by analyzing historical
market data, economic indicators, and other relevant factors
to provide insights for risk management and mitigation
strategies. Al-powered chatbots and virtual assistants can
automate routine financial tasks, answer queries, and provide
personalized financial advice to customers. Al algorithms
can analyze financial transactions and patterns to detect
potentially fraudulent activities, helping to prevent financial
losses.

Amodei et al. (2016) describe ML as a subset of Al that
enables systems to automatically learn and improve from
experience without being explicitly programmed in Financial
Planning and P&L management. ML algorithms can analyze

19

historical financial and market data to forecast sales, demand,
and other financial metrics, helping organizations optimize
resource allocation and inventory management. Additionally,
ML models can analyze various financial and non-financial
data to assess creditworthiness and determine the likelihood
of loan default, enabling lenders to make more accurate
lending decisions. Moreover, ML algorithms can analyze
market data, risk factors, and investment objectives to
optimize investment portfolios, considering risk tolerance,
return expectations, and diversification requirements. ML
techniques can identify unusual patterns or outliers in
financial data, helping to detect potential errors, fraud, or
anomalies in financial statements or transactions.

3. Advanced Analytics Applications in FP&A

e Forecasting and Predictive Analytics: AI/ML algorithms
enable more accurate and automated forecasting by
analyzing historical financial data, identifying patterns,
and making predictions based on relevant factors. They
can also provide insights into key performance
indicators (KPIs) and predict future financial trends
(Bennett & Hugen, 2016).

o Risk Analysis and Fraud Detection: AI/ML techniques
can help identify potential risks and fraudulent activities
by analyzing large volumes of financial transactions in
real-time. These models can detect anomalies, patterns,
and deviations from expected behavior, enabling early
detection and prevention of fraud (Catanach & Lehman,
2018).

e Scenario Planning and Simulation: Advanced analytics
allows FP&A professionals to create scenarios and
simulate their impacts on financial outcomes. This helps
in strategic decision-making by assessing the potential
outcomes of different courses of action (Provost &
Fawcett, 2013).

e Optimization and Resource Allocation: Al/ML
algorithms optimize resource allocation by analyzing
historical data and business objectives. They help
identify cost-saving opportunities, improve budgeting
and resource allocation processes, and optimize capital
investments (Guida, 2019).

4. Benefits of Utilizing Advanced Analytics
Techniques in FP&A

4.1. Scenario Planning

Advanced analytics plays a critical role in Financial
Planning & Analysis (FP&A) by providing valuable insights,
improving decision-making, and helping organizations
navigate complex financial landscapes. AI/ML techniques
can significantly enhance the accuracy of P&L forecasting.
By analyzing extensive amounts of historical data, these
technologies can identify patterns, correlations, and trends
that humans may overlook. Academic research supports the
idea that AI/ML-based forecasting models outperform
traditional methods in terms of accuracy and reliability
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(Provost & Fawcett, 2013). For example, Hyndman and
Athanasopoulos delve deeply into forecasting methods,
including those that incorporate AlI/ML techniques.

AI/ML models can simulate and analyze multiple
scenarios to assess the potential impact of various factors on
the P&L statement. This capability allows FP&A teams to
conduct sensitivity testing, scenario planning, and what-if
analyses more efficiently. By adjusting key variables and
assumptions, practitioners can gain insights into potential
outcomes and make informed decisions accordingly. Al/ML
algorithms can also help identify anomalies and potential
instances of fraud in financial data (Provost & Fawcett,
2013). By comparing current data patterns to historical
trends, these techniques can flag suspicious activities or
irregularities in the P&L statement.

Moreover, AI/ML can optimize cost structures by
analyzing historical data, identifying cost drivers, and
recommending cost-saving measures. These techniques are
capable of identifying areas of inefficiency, reducing costs,
and enhancing overall profitability. In FP&A, advanced
analytics techniques such as big data analytics and data
visualization can improve scalability. These techniques
enable FP&A teams to efficiently process and analyze large
volumes of financial and non-financial data (Russell &
Norvig, 2020). FP&A professionals can handle increased
data complexity and volume, supporting the organization's
growth and adapting to changing business requirements by
leveraging scalable cloud-based platforms and technologies.

4.2. Faster and Accurate Decision Making

AI/ML algorithms excel in processing large volumes of
data rapidly. FP&A teams can analyze financial data in real-
time by leveraging these techniques, enabling timely
decision-making (Russell & Norvig, 2020). This capability is
particularly advantageous in P&L management as it allows
for proactive adjustments and optimizations by identifying
revenue and cost trends. Al/ML algorithms can automate
extracting and cleaning of financial data from various
sources, including spreadsheets, databases, and financial
statements (Provost & Fawcett, 2013). This eliminates the
need for manual data entry, reduces errors, and saves time for
FP&A professionals. Foster and Fawcett offer insights into
data pre-processing techniques and their relevance in
business contexts, empowering businesses to make reliable
decisions at the right time and utilize resources more
efficiently.
4.3. Enabling Data-Driven Decision-Making and
Structuring FP&A to become Strategic Partner

The availability of big data and advancements in data
analytics techniques have enabled FP&A professionals to
make data-driven decisions. By leveraging Al/ML, they can
analyze vast amounts of structured and unstructured data
from internal and external sources, gaining valuable insights

20

for strategic planning (Provost & Fawcett, 2013). Many
FP&A software vendors have incorporated Al/ML
capabilities into their platforms, allowing users to access
advanced analytics tools seamlessly. These platforms offer
features such as automated data integration, advanced
visualization, and predictive modeling, enhancing the overall
FP&A process.

Advanced analytics empowers FP&A leaders to
transition from being mere number crunchers to becoming
strategic business partners. By harnessing the power of data
analytics, FP&A professionals can gain deeper insights into
business performance, identify key drivers of financial
success, and effectively communicate these insights to
business stakeholders (Russell & Norvig, 2020). This
enhances their ability to provide actionable recommendations
and contribute to strategic decision-making processes. In
their discussion, Mason and DJ Patil highlight the role of
data-driven decision-making in transforming FP&A into
effective business partners. Advanced analytics techniques
can help reduce compliance risks by automating and
improving regulatory reporting processes. FP&A teams can
proactively identify and mitigate potential compliance issues
by leveraging data analytics. These techniques can also help
detect anomalies, ensure data integrity, and monitor
compliance with regulatory frameworks and financial
standards.

5. Current Challenges in Leveraging Advanced

Analytics in FP&A
5.1. Data Quality and Infrastructure

The integration of Artificial Intelligence (Al) and
Machine Learning (ML) technologies in Financial Planning
and Analysis (FP&A) has the potential to revolutionize how
organizations manage their Profit & Loss (P&L) statements.
However, several challenges hinder the successful adoption
and implementation of AI/ML in this domain. Advanced
analytics relies on high-quality data that is comprehensive,
accurate, and accessible (Provost & Fawcett, 2013).
Organizations may face challenges ensuring data
consistency, integration, and governance across different
systems and sources. Efforts in data cleaning,
standardization, and integration are crucial to overcome these
challenges and obtain reliable insights. Moreover, leveraging
advanced analytics techniques requires specialized skills and
expertise in data analysis, statistical modeling, and
programming (Molnar, 2020).

5.2. Skills & Talent Gap

Organizations may need to assist in recruiting and
retaining talent possessing the necessary skill set to
implement and manage advanced analytics solutions.
Investing in training and upskilling programs for FP&A
professionals can help bridge this gap. One of the primary
challenges faced by organizations is the availability and
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quality of data required for AI/ML applications. Financial
data, such as transaction records, balance sheets, and income
statements, may exist in different departments and various
formats and systems. According to Molnar (2020),
consolidating and cleansing this data for Al/ML modeling
can be time-consuming and resource-intensive. Moreover,
data quality issues, including missing values, outliers, and
inconsistencies, can significantly impact the accuracy and
reliability of Al/ML models.

AI/ML models used for P&L management often employ
complex algorithms like deep learning neural networks or
ensemble methods, which can be challenging to interpret
(Bandrescu, 2015). The lack of transparency poses
challenges for financial analysts and decision-makers who
must comprehend how the models arrive at their predictions
or recommendations. Model interpretability is crucial for
gaining trust, ensuring regulatory compliance, and validating
the rationale behind financial decisions (Hughes, 2018).
Therefore, financial institutions are subject to strict
regulatory frameworks, such as the Basel Il Accord or
International Financial Reporting Standards (IFRS), which
require transparency, accountability, and auditable processes.
Integrating Al/ML into FP&A processes must comply with
these regulations, presenting challenges related to model
validation, explainability, and the ethical use of Al.
Organizations must ensure that their AI/ML models are fair,
unbiased and do not result in discriminatory practices.

Advanced analytics often necessitates a robust
technology infrastructure to handle large data volumes and
complex calculations. Organizations may encounter
challenges when implementing and maintaining the
necessary hardware, software, and data storage capabilities
(Mller, 2020). Therefore, leveraging cloud-based solutions
and collaborating with IT departments can help address these
challenges. Resistance to change, lack of awareness, and fear
of job displacement can impede adopting and
implementation of advanced analytics techniques (Hughes,
2018). Conversely, effective change management strategies,
clear communication, and fostering a data-driven culture are
crucial for successful adoption.

5.3. Regulatory Compliance and Ethical Use of AI/ML

Advanced analytics involves the handling of sensitive
financial and customer data, which gives rise to ethical and
regulatory  considerations (Murdoch et al., 2019).
Organizations must ensure compliance with data privacy
regulations and maintain ethical practices in data handling,
modeling, and decision-making. It is crucial to implement
robust data security measures and adhere to ethical
guidelines in order to mitigate these challenges. Moreover,
advanced analytics often necessitates access to large volumes
of data, including personal information. Therefore, it is
essential to respect individual privacy rights and comply with
data protection regulations.
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As advanced analytics techniques become more
complex, ensuring transparency and explainability becomes
increasingly important (Barocas et al., 2017). Users and
stakeholders should clearly understand how analytics
systems make decisions and the factors that influence those
decisions. This fosters trust, facilitates the detection of
biases, and empowers individuals to challenge or seek
remedies for potentially harmful outcomes. Consequently,
algorithms can inadvertently perpetuate biases present in the
data on which they are trained (Hughes, 2018). Organizations
must proactively address bias and fairness issues in analytics
systems to prevent discrimination and ensure equitable
outcomes. This entails careful data selection, monitoring for
bias, and regular auditing and updating models to address
emerging biases.

6. Case Studies and Success Stories

Walmart has implemented a data-driven decision-
making program that utilizes Artificial Intelligence (Al) and
Machine Learning (ML) to identify opportunities for
improving supply chain sustainability, enhancing energy
efficiency, and reducing waste (Woodie, 2019). Across its
operations, Walmart effectively leverages Al and ML
technologies to analyze data, automate processes, make data-
driven decisions, and enhance customer experiences
(Woodie, 2019).

To forecast product demand, Walmart employs Al and
ML techniques. Given Walmart's global dominance, the
company is exposed to variations arising from customer
preferences in terms of eating and shopping. By considering
attributes such as historical sales data, weather patterns,
holidays, and promotions, Walmart optimizes inventory
levels, minimizes stockouts, and reduces excess inventory.
For instance, Walmart's JDA system utilizes weekly
historical sales data to identify trends for nearly 500 million
stores in the United States (Woodie, 2019). Through the JDA
model, Walmart leverages exponential information about
product sales, seasonal fluctuations, promotions, and other
factors that influence demand to forecast weekly sales in the
US. This proved beneficial for Walmart in 2017 when
Hurricane Harvey struck Texas, affecting sales at
approximately 52 Walmart stores in the region. By analyzing
past sales patterns, Walmart makes informed predictions
about future demand.

Al and ML algorithms also aid Walmart in optimizing
product pricing across its stores. By analyzing market trends,
competitor pricing, and customer behavior, Walmart adjusts
prices to remain competitive and maximize revenue. These
algorithms take into account demand elasticity, profit
margins, and price sensitivity, enabling intelligent pricing
decisions. Walmart implements price optimization strategies
to ensure competitive pricing while maximizing revenue and
profitability. Continuous monitoring of competitor pricing
allows Walmart to stay competitive in the market. The
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company employs data analysis tools to collect and analyze
pricing information from various retailers, enabling
benchmarking against competitors and informed pricing
decisions.

Additionally, Walmart utilizes dynamic pricing, which
involves real-time price adjustments based on demand,
competition, and market conditions. Walmart can
automatically optimize prices to maximize revenue by
employing algorithms and machine learning models. This
approach enables Walmart to swiftly respond to changes in
demand, inventory levels, and competitor pricing.

Furthermore, Walmart analyses price elasticity to
understand the impact of price changes on customer demand
for different products. By identifying price-sensitive products
and segments, Walmart strategically adjusts prices to
maximize revenue. For instance, products with relatively
inelastic demand may have higher profit margins, whereas
products with elastic demand may have lower margins but
higher sales volumes. Walmart's aim is to provide
competitive pricing while simultaneously maximizing
profitability and delivering value to its customers through the
utilization of technology and insights derived from big data.

AXA is a global insurance and asset management leader
with a significant worldwide presence. Operating in 64
countries, AXA stands as one of the largest multinational
insurance companies. As of 2018, AXA served
approximately 107 million clients worldwide (FILIPPONE,
2019). The utilization of quantitative marketing strategies
enables insurers like AXA to gain deeper insights into
customer segmentation, leading to the development of
tailored products for high-risk cases that were previously
unavailable. AXA leverages advanced analytics to segment
its customer base and create personalized insurance
offerings. By analyzing customer data, AXA segments its
customer base according to demographics, including age,
gender, location, and income level (Prajapati, 2022). This
segmentation aids AXA in better understanding different
customer groups and tailoring its products and services to
suit their needs. Additionally, AXA segments customers
based on their behaviors, such as previous purchase history,
policy renewal patterns, and interaction with the company's
digital platforms.

AXA actively explores alternative revenue generation
methods by designing new products that cater to evolving
customer needs and market trends. Notably, AXA became
the first insurance company to launch "Fizzy," a blockchain-
based platform for parametric insurance against flight delays,
through collaboration with partners. By analyzing data, AXA
can take early evacuation actions and contribute to risk
reduction in flood-prone areas. This example highlights
AXA's proactive approach to risk management, utilizing data
and technology for effective decision-making.
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Currently, insurers create insurance policy quotes based
on a few simple values. For instance, in car insurance, these
values may include age, claims history, type of vehicle, and
driving history. However, Al can draw on a vast range of
personal and historical data to more accurately assess each
customer's risk and provide a quote that reflects their actual
position. AXA Insurance's data science team has developed
an experimental deep learning machine learning model that
shows promising results in predicting customers who are
likely to cause significant loss-driving accidents. With an
accuracy of 78%, the model can identify a significant portion
of customers who may be involved in accidents resulting in
payouts over $10,000.

This information is valuable for AXA Insurance in
managing risks and making informed decisions regarding
pricing, underwriting, and claims management. The data
science team's experimental deep learning machine learning
model, which achieved 78% accuracy, has helped AXA
optimize its pricing structure and introduce new insurance
services, such as real-time and personalized pricing at the
point of sale. AXA continues to explore advanced analytics
and invest in digital transformation to meet evolving
customer expectations, enhance operational effectiveness,
and remain competitive in the insurance industry. By
infusing MLJ/AI into its Financial Management processes,
AXA has successfully forecasted high losses, leveraged
financial costs, and improved Financial Management by
cutting costs.

As online shopping and transactions continue to
increase, cybercriminals are employing more complex
attacks and fraud attempts, resulting in billions of dollars
being netted annually. Financial services firms, particularly
consumer banks, need to keep up with the evolving
sophistication of cyber threat actors. According to The
Nilson Report, American Express has maintained the lowest
fraud rate in the financial services industry for 13 years
(Koetsier, 2020). American Express is a renowned financial
services company recognized for its credit card, charge card,
and traveler's cheque businesses (Owen, 2021). It offers
services to consumers, small businesses, and large
corporations.

To effectively monitor real-time transactions, American
Express has implemented advanced fraud detection
technologies that employ deep learning models. They
leverage NVIDIA TensorRT, a high-performance deep
learning inference optimizer, to enhance the efficiency and
effectiveness of their fraud detection system. American
Express utilizes fraud detection technologies optimized with
deep-learning-based models to monitor the $1.2 trillion
passing through their platform annually in real-time (Owen,
2021). By leveraging NVIDIA TensorRT, a high-
performance deep learning inference optimizer, they
minimize latency and maximize throughput.
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The adoption of this new GPU-accelerated technology
has enabled the bank to improve fraud detection accuracy by
up to 6% (Owen, 2021). They achieve this while operating
within a tight two-millisecond latency requirement, which is
a 50x improvement compared to CPU-based configurations.
By leveraging deep learning models, these efforts
demonstrate the bank's commitment to better Financial
Management by curbing fraudulent activities and
safeguarding the interests of their customers. This is also
crucial in ensuring the company stays ahead of the curve by
efficiently processing data and making informed decisions
regarding its future financial plans.

7. Conclusion

The evolution of FP&A has seen it transition from a
primarily reporting-focused role to becoming a strategic
partner and influencer within organizations. FP&A now
plays a crucial role in financial planning, performance
management, strategic decision-making, and cross-functional
collaboration. With the help of advanced analytics
technology, FP&A professionals are equipped to provide
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