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Abstract: In machine learning process facial annotation
methods are very favorable. One of the main problem for
searchbased face annotation scheme is how toannotation by
exploring the most of same facial images and their weak
labels that are incomplete. We propose an unsupervised
label refinement method for achieving the labels ofweb
facial images using machine learning techniques.
I. INTRODUCTION
Advanced photo albums are developing
dangerously in both number and size because of the quick
advancement of computerized cams and cell telephone
cams in the most recent decade. These huge accumulations
require the annotation of some semantic data to encourage
scanning, control and offering of photos. In a regular
family photo, other than the data of when and where, who
is in the photo is key. Along these lines, face annotation is
turning into a basic piece of the administration of photos
delineating individuals [1].
In social connection data and body data is utilized
to do programmed individual annotation. Davis et al. too
utilized logical metadata to help face distinguishment[2]. In
spite of the fact that face distinguishment execution was
fundamentally made strides in the wake of incorporating
logical data, the distinguishment rate is still a long way
from the necessity of a programmed face annotation
framework[3].
A typical issue of above self-loader systems is that
clients need to physically choose photos one by one. Suh et
al. proposed a system to permit bunch annotation [1]. The
faces were bunched as indicated by time and middle data
firstly, and after that the client can mark a group in one
operation. Notwithstanding, in this work, once the bunches
were dead set, the remaining work turns into all manual.
All the slips in the grouping need to redress one by one by
the client. Furthermore, the grouping execution utilizing
just time and middle data is extremely restricted. Thusly,
the staying manual work is still concentrated.
In every emphasis, the client was asked to
physically name a few faces, then the framework utilized
these named data to perceive faces that fit in with the same
individual, and proposed them for client affirmation. Few
specialized points of interest are accessible about Riya's
calculation, yet from tests we can see that despite
everything it obliges a ton of manual marking to acquire
last annotation results.
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Early procedures were not by and large taking into
account visual highlights yet on the literary annotation of
pictures. At the end of the day, pictures were initially
expounded with content and after that looked utilizing a
content based methodology from customary database
administration frameworks [4][5].
To recover pictures, clients give the recovery
framework illustration pictures or portrayed figures. The
framework then changes these illustrations into its inner
representation of highlight vectors. The likenesses/removes
between the highlight vectors of the inquiry sample then
again draw and those of the pictures in the database are
then computed and recovery is performed with the help of
an indexing plan. The indexing plan gives an proficient
approach to hunt down the picture database. Late recovery
frameworks have joined clients' importance input to alter
the recovery transform with a specific end goal to create
perceptually and semantically more important recovery
results[6].
Face annotation can be considered as a pure face
recognition problem and naturally the features and the
algorithm developed for face recognition should be
applied. However, as current face recognition algorithms
are not robust enough for face annotation. Face appearance
features are extracted based on face detection result.
Because face appearance features are most reliable when
extracted from frontal faces, poses of detected faces need to
be accurately determined. This similarity function
integrates multiple features into a Bayesian framework.
Based on this similarity measure, name candidates for a
given unknown face can be derived by statistical learning
approaches.
Two features are combined to improve the face
annotation. One is color and texture feature used as
contextual feature and the other is face appearance feature.
These two features are generally considered to characterize
the technologies from CBIR and face recognition. The
contextual feature in the experiment is the 50 dimensional
banded auto-correlogram and 14 dimensional color texture
moment.
We first extend each face region and divide the
extended region into two blocks to include face and body,
respectively, and then extract two 64 dimensional color and
texture features in these two blocks. We refer this feature
as body feature for simplicity[7]. Given a number of
labeled faces, the goal of the learning algorithm of face
annotation is to generate a candidate name list for an
unlabeled face, which is sorted according to the similarity
between the unlabeled face and the labeled faces.Users are
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allowed to search similar faces by giving a face image as a
Query image and retrieve similar images and name and
then annotate multiple faces in a batch way.
II. RELATED WORK
As a rule, image substance may incorporate both
visual and semantic substance. Visual substance can be
exceptionally general or area particular. General visual
substance incorporates shading, composition, shape, spatial
relationship, and so forth. Space particular visual
substance, as human faces, is application ward and may
include space learning. Semantic substance is gotten either
by literary annotation or by complex derivation
methodology in light of visual substance. This part focuses
on general visual substance portrayals[8][9].
A decent visual substance descriptor ought to be
invariant to the inadvertent fluctuation presented by the
imaging procedure (e.g., the variety of the illuminant of the
scene). Nonetheless, there is a tradeoff between the
invariance and the discriminative force of visual highlights,
since a wide class of invariance loses the capacity to
segregate between key contrasts. Invariant portrayal has
been generally explored in PC vision (like article
distinguishment), yet is moderately new in image recovery.
A visual substance descriptor can be either
worldwide or neighborhood. World-wide descriptor
employments the visual highlights of the entire image,
while neighborhooddescriptors utilize the visual highlights
of districts or item to portray the image content. To get the
nearby visual descriptors, an image is frequently
partitioned into parts first. The easiest method for
separating an image is to utilize a part, which cuts the
image into tiles of equivalent size and shape. A
straightforward part does not produce perceptually
important areas yet is a method for speaking to the
worldwide highlights of the image at a better
determination. A superior system is to gap the image into
homogenous districts as indicated by some model utilizing
area division calculations that have been broadly explored
in PC vision. A more intricate method for partitioning an
image, is to embrace a complete item division to get
semantically significant items (like ball, auto, horse).
Auto face annotation can be advantageous to
numerous true applications. For instance, with auto face
annotation systems, online photo-imparting locales (e.g.,
Facebook) can naturally clarify clients' transferred photos
to encourage online photo look and administration.
Furthermore, face annotation can likewise be connected in
news feature area to identify essential persons showed up
in the features to encourage news feature recovery and
synopsis undertakings.
Due to the popularity of various digital cameras
and the rapid growth of Internet-based photo sharing,
recent years have witnessed an explosion of the number of
photos captured and stored by consumers. A large
collection of photo images which are usually unlabeled
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raises a great challenge for end users to browse and search.
One possible solution is to tag images manually, which is
however time-consuming and often costly for large photo
collections[10].
Initialization of vision-based human motion
capture and analysis often requires the definition of a
humanoid model approximating the shape, appearance,
kinematic structure, and initial pose of the subject to be
tracked. The majority of algorithms for 3D pose estimation
continue to use a manually initialized generic model with
limb lengths and shape which approximate the individual.
To automate the initialization and improve the quality of
tracking a limited number of authors have investigated the
recovery of.
Late routines have attempted to straightforwardly
recognize the off base pixels and utilization classifiers to
discrete the pixels into a number of sub-classes: unaltered
foundation, changes because of auto iris, shadows,
highlights, moving article, cast shadow from moving
article, phantom item (false positive), apparition shadow,
and so on. Classifiers have been based on shading,
inclinations, stream data, and hysteresis thresholding.
Automatic Image Annotation: The area of AIA
has been a well-researched area in the last decade [ 10,11].
Firstly, Duygulu et al. [3] used a machine translation
approach, between image contents and annotations, which
was tested on the Corel5k image collection. Joen et al. [10]
adopted the Cross-Media Relevance Models (CMRM) to
predict the probability of generating a word given blobs in
an image in the training set. More recently, Makadia et al.
[12] showed that existing models could be outperformed by
adopting a K-nearest neighbor approach (KNN) trained on
color and texture image features.
With the prevalence of Web and digital cameras,
there are moreand more digital images on personal devices
and on the Web. Forexample, Google Image [1] has
indexed more than one billionimages. The explosion of
digital images necessitates effectiveimage management,
browsing and search tools. For Web images,search is the
most critical thing. Existing Web image searchengines are
based on textual information of the images, e.g. filename,
ALT text, URL and surrounding text.
We can treat thesurrounding text as annotations.
However, for most of the images,such annotations are
usually noisy with irrelevant words. If theimprecise
annotations could be refined, the performance of
Webimage retrieval could be possibly improved. For
images onpersonal devices, how to effectively manage and
search them isincreasingly important as the number of
images grows rapidly. Inthis case, annotations serve as a
key factor in the management andsearch process. Since
images have little textual information,annotation using
visual content is required. Therefore, manycontent-based
annotation algorithms have been proposed since1999. Most
existing approaches can be classified into twocategories,
i.e.
classification-based
methods
and
probabilisticmodeling-based methods. The methods of the
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first category try toassociate words or concepts with
images by learning classifiers[4][5][12]. The probabilistic
modeling-based methods attempt toinfer the correlations or
joint probabilities between images andannotations.
A large portion of photos shared by users on the
Internet are human facial images. Some of these facial
images are tagged with names, but many of them are not
tagged properly. Instead of training explicit classification
models by the regular model-based face annotation
approaches, the search-based face annotation (SBFA)
paradigm aims to tackle the automated face annotation task
by unsupervised label refinement (ULR) approach for
refining the labels of web facial images using machine
learning techniques. The SBFA framework is data-driven
and model-free, which to some extent is inspired by the
search-based image annotation techniques for generic
image annotations.
Disadvantages of Existing System:
Facial images are tagged with names, but many of
them are not tagged properly.
Classical face annotation approaches are often
treated as an extended face recognition problem.
This not effectively exploits the short list of
candidate facial images and their weak labels for
the face name annotation task.
III. PROPOSED SYSTEM
We have reformulated the face annotation from a
pure recognition problem to a problem of similar face
search and annotation propagation and have developed a
solution to this problem by seamlessly integrating contentbased image retrieval and face recognition algorithms in a
Bayesian framework. We also introduced a semisupervised learning technique [self training method] to
further enhance the label quality with affordable human
manual refinement efforts.
Advantages of Proposed System
Its machine learning techniques enhancing the
labels purely from the weakly labeled data
Improved the efficiency and scalability.
The simplest semi-supervised learning method.
A wrapper method, applies to existing (complex)
classifiers.
Often used in real tasks like natural language
processing and Image Processing.
1.Indexing:
The first step is the data collection of facial images in
which we extracted the features of facial images from the
specified folder according to a name list that contains the
names of persons to be collected. We shall obtain a
collection of facial images; each of them is associated with
some human names. Given the nature of images, these
facial images are often noisy, which do not always
correspond to the right human name. Thus, we call such
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kind of web facial images with noisy names as weakly
labeled facial image data.
2.Search-Basedfaceannotation:
SBFA consists of the following steps:
1. facial image data collection;
2. face detection and facial feature extraction;
3. high-dimensional facial feature indexing;
4. learning to refine weakly labeled data;
5. similar face retrieval; and
6. face annotation by majority voting on the similar faces
with the refined labels.
The first four steps are usually conducted before
the test phase of a face annotation task, while the last two
steps are conducted during the test phase of a face
annotation task, which usually should be done very
efficiently. We briefly describe each step below.
The first step is the data collection of facial
images, in which we crawled a collection of facial images
with the names of persons to be collected. As the output of
this crawling process, we shall obtain a collection of facial
images, each of them is associated with some human
names. Given the nature of web images, these facial images
are often noisy, which do not always correspond to the
right human name. Thus, we call such kind of web facial
images with noisy names as weakly labeled facial image
data.
The second step is to preprocess web facial
images to extract face-related information, including face
detection and alignment, facial region extraction, and facial
feature representation.
The third step is to index the extracted features of
the faces by applying some efficient high-dimensional
indexing technique to facilitate the task of similar face
retrieval in the subsequent step. In our approach, we adopt
the locality-sensitive hashing (LSH), a very popular and
effective high-dimensional indexing technique. Besides the
indexing step, another key step of the framework is to
engage an unsupervised learning scheme to enhance the
label quality of the weakly labeled facial images. This
process is very important to the entire search-based
annotation framework since the label quality plays a
critical factor in the final annotation performance. All the
above are the processes before annotating a query facial
image. Next, we describe the process of face annotation
during the test phase.
In particular, given a query facial image for
annotation, we first conduct a similar face retrieval process
to search for a subset of most similar faces (typically top K
similar face examples) from the previously indexed facial
database. With the set of top K similar face examples
retrieved from the database, the next step is to annotate the
facial image with a label (or a subset of labels) by
employing a majority voting approach that combines the
set of labels associated with these top K similar face
examples.
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3.Bayesian Framework:
The framework of the proposed face annotation
system is described as follows. First, a multi-view face
detector is used to detect faces in new uploaded images or
images already in the album. The facial features are
extracted from each detected facearea, as well as the
contextual features. To derive the similarity measure, a
large set of training samples are collected offline to train
the probability model for each feature. Then these
probability models are integrated into a Bayesian
framework to measure the similarity between faces. Based
on this statistically derived similarity measure, the system
generates a list of name candidates for a given query or
new face by statistical learning approaches. Either selecting
a name from the name list or setting a new name is allowed
in the system. To further simplify the face annotation,
similar face retrieval and relevance feedback are allowed
for labeling multiple faces in a batch way.
4. Self-Training:
Method: Self Training method is a Semi
Supervised learning Method. Semi-supervised learning is a
class of supervised learning tasks and techniques that also
make use of unlabeled data for training - typically a small
amount of labeled data with a large amount of unlabeled
data. Semi-supervised learning falls between unsupervised
learning (without any labeled training data) and supervised
learning (with completely labeled training data). Many
machine-learning researchers have found that unlabeled
data, when used in conjunction with a small amount of
labeled data, can produce considerable improvement in
learning accuracy.
The acquisition of labeled data for a learning
problem often requires a skilled human agent (e.g. to
transcribe an audio segment) or a physical experiment (e.g.
determining the 3D structure of a protein or determining
whether there is oil at a particular location). The cost
associated with the labeling process thus may render a fully
labeled training set infeasible, whereas acquisition of
unlabeled data is relatively inexpensive. In such situations,
semi-supervised learning can be of great practical value.
Semi-supervised learning is also of theoretical interest in
machine learning and as a model for human learning.
5.View Results:
The Results are shown according to the given
query Image. We also take the voting system to get more
specific and accurate results which was obtained by the
search results. Thus by observing the Results We can judge
that our system is more accuracy and efficiency compared
to previous system.
Explicit multistep algorithms based on rigid
frames wereproposed by Crouch and Grossman (1993).
This methodassume that smooth vector fields E1…,Ed on a
differentiablemanifold M are available such that the
differentialequation can be written in the form:
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The numerical schemes are defined in terms of vectorfields
with coefficients frozen relative to the frame vectorfields,
that is,

The k-step Crouch-Grossman methods may now be
written as:

IV.CONCLUSION
In this paper we propose multi agent unsupervised label
refinement for achieving for refining the facial images on
machine learning techniques. We speed up the we also
implemented the grouping techniques to search based facial
annotation. It uses in many classification techniques for
searching management.
REFERENCES
[1] Social Media Modeling and Computing, S.C.H. Hoi, J.
Luo, S. Boll,D. Xu, and R. Jin, eds. Springer, 2011.
[2] S. Satoh, Y. Nakamura, and T. Kanade, “Name-It:
Naming andDetecting Faces in News Videos,” IEEE
MultiMedia, vol. 6, no. 1,pp. 22-35, Jan.-Mar. 1999.
[3] P.T. Pham, T. Tuytelaars, and M.-F. Moens, “Naming
People inNews Videos with Label Propagation,” IEEE
Multimedia, vol. 18,no. 3, pp. 44-55, Mar. 2011.
[4] L. Zhang, L. Chen, M. Li, and H. Zhang, “Automated
Annotationof Human Faces in Family Albums,” Proc. 11th
ACM Int’l Conf.Multimedia (Multimedia), 2003.
[5] T.L. Berg, A.C. Berg, J. Edwards, M. Maire, R. White,
Y.W. Teh,E.G. Learned-Miller, and D.A. Forsyth, “Names
and Faces in theNews,” Proc. IEEE CS Conf. Computer
Vision and Pattern Recognition(CVPR), pp. 848-854,
2004.
[6] J. Yang and A.G. Hauptmann, “Naming Every
Individual in NewsVideo Monologues,” Proc. 12th Ann.
ACM Int’l Conf. Multimedia(Multimedia), pp. 580-587.
2004.

http://www.ijcttjournal.org

Page 110

International Journal of Computer Trends and Technology (IJCTT) – volume 22 Number 3–April 2015
[7] J. Zhu, S.C.H. Hoi, and M.R. Lyu, “Face Annotation
UsingTransductive Kernel Fisher Discriminant,” IEEE
Trans. Multimedia,vol. 10, no. 1, pp. 86-96, Jan. 2008.
[8] A.W.M. Smeulders, M. Worring, S. Santini, A. Gupta,
and R. Jain,“Content-Based Image Retrieval at the End of
the Early Years,”
IEEE Trans. Pattern Analysis and Machine Intelligence,
vol. 22, no. 12,pp. 1349-1380, Dec. 2000.
[9] S.C.H. Hoi, R. Jin, J. Zhu, and M.R. Lyu, “SemiSupervised SVMBatch Mode Active Learning with
Applications to ImageRetrieval,” ACM Trans. Information
Systems, vol. 27, pp. 1-29, 2009.
[10] X.-J. Wang, L. Zhang, F. Jing, and W.-Y. Ma,
“AnnoSearch:Image Auto-Annotation by Search,” Proc.
IEEE CS Conf.Computer Vision and Pattern Recognition
(CVPR), pp. 1483-1490, 2006.

ISSN: 2231-2803

http://www.ijcttjournal.org

Page 111

